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Abstract. Impact measurement is central to impact investing and social entrepreneurship,
yet little is known about whether firms benefit privately from measuring impact. We conduct
the first randomized controlled trial of an impact measurement intervention among high-
growth social enterprises in India. Treated firms exhibit nearly twice as much revenue growth
and raise nearly twice as much capital as control firms. In a companion experiment with
early-stage investors, we find that investors respond strongly to quantified impact metrics
but not to generic qualitative impact statements. Together, our results show that impact
measurement can shape firm growth and capital allocation.
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I. Introduction

The last two decades have seen tremendous growth in the scale and legitimacy of the movement
to combine social impact with corporate interests. Leading estimates suggest that impact investors
control more than one and a half trillion dollars in assets under management (Hand et al., 2024),
and that social enterprises generate more than two trillion dollars in annual revenue worldwide
(World Economic Forum and Schwab Foundation for Social Entrepreneurship, 2024). Impact
investing rests on the premise that capital should be allocated not only to profitable firms, but
also to firms that create social value. Yet this premise creates a measurement problem (Serafeim
and Trinh, 2020). Profits are measured because accounting, taxation, and investor reporting make
financial measurement unavoidable. Social impact, by contrast, is often costly to quantify, difficult
to compare across firms, and communicated through qualitative narratives. This raises a basic
economic question: are there private returns to measuring social returns?

We answer this question with two experiments. In the first, we randomize hands-on support
that helps Indian social enterprises collect stakeholder-level impact data and translate it into a
personalized impact report. Treated firms grow faster and raise more capital. In the second, we
randomize the impact information shown to early-stage investors and show that investors respond
to quantified impact metrics, but not to generic impact narratives.

We conducted the first experiment in partnership with Villgro, India’s largest incubator of
social enterprises. All 163 participating firms—spanning industries such as agribusiness, health,
energy, and education—were offered the same impact measurement and management (IMM) course.
Random assignment determined whether firms also received hands-on implementation support:
treatment firms worked through several one-on-one sessions with Villgro representatives to choose
an IMM framework, define impact indicators, plan stakeholder outreach, and operationalize data
collection; their customers, employees, and suppliers were then surveyed by the research team,
and the results were synthesized in a personalized impact report summarizing stakeholder surplus
measures.1 Control firms received the same course but not the full implementation support or
report until the end of the study.

The intervention had a large impact on both revenue growth and access to capital. While both
treatment and control firms grew over the course of our experiment, firms in the treatment group
experienced approximately an additional USD 20,000 in revenue growth, bringing total treatment-
group growth to nearly double that of control firms. Similarly, treatment group firms raised an
additional USD 43,000 in external funding, again a doubling relative to control.

Due to sample size limitations, our experiment is not designed to separately identify mechanisms,
but the intervention naturally creates two forms of decision-relevant information. Internally, the
process of choosing indicators, engaging stakeholders, and collecting stakeholder-level data may
1By surplus, we mean the value created for a stakeholder beyond the stakeholder’s next-best alternative: for customers,
willingness-to-pay net of price; for workers and suppliers, compensation or payments net of reservation values.
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help firms learn which customers and use cases generate the most value. Externally, quantified
impact metrics may make impact claims more credible to investors.

Access to capital is both a central outcome for early-stage social enterprises and a possible
channel through which impact measurement affects firm growth. We therefore run a companion
experiment that isolates investor demand for quantified impact information. We conducted a field
experiment with 223 early-stage investors with experience investing in Indian startups, inspired by
non-deceptive variations of resume audit studies commonly used in the labor literature (Harrison
and List, 2004; Kessler et al., 2019).2 Investors were recruited through Villgro and Harvard
Business School networks, direct outreach, and a professional survey firm. Investors were shown
hypothetical startup profiles, with characteristics drawn at random from the distribution of startups
participating in our first experiment. Investors then rated these profiles based on their investment
interest. Ratings were incentivized by the offer to introduce investors to real startups seeking
capital, whose characteristics matched the preferences investors expressed through their ratings.
Randomizing firm attributes allows us to infer the causal impact of any firm characteristic on
investor interest, holding other firm characteristics constant.

Our primary comparison of interest is how a startup’s social impact is communicated. Some
profiles reported only baseline customer demographics, such as average monthly customer income
and the share of customers earning less than $5 per day. Others added a qualitative impact
statement, meant to represent the narrative approach to communicating impact adopted by many
social enterprises. Finally, others reported customer surplus, one of the key quantitative impact
metrics covered in the IMM course and implemented in the first experiment.

Our main result is that investor interest is strongly responsive to quantified impact metrics.
Moving a startup from below- to above-median customer surplus increases investor interest by
an amount comparable to moving the firm from unprofitable to profitable. By contrast, generic
qualitative impact statements have a small and statistically insignificant effect on investor interest.
Investors therefore do not appear to reward impact language per se; they respond to quantified
evidence of impact.

Our results contribute first to the body of work on impact measurement, impact investing, and
social entrepreneurship (e.g. Serafeim et al., 2019; Allcott et al., 2026b). Most related is the
work establishing a link between social impact and firm performance (e.g. Kramer and Porter,
2011; Edmans, 2011; Eccles et al., 2014; Henderson and Steen, 2015; Khan et al., 2016; Lins
et al., 2017). Our main contribution is to establish a causal link between impact measurement and
firm performance. To our knowledge, this is the first randomized field experiment focused on the
implementation of impact measurement practices.

Second, we speak to the experimental literature on entrepreneurship training and management
practices (see Karlan and Valdivia 2011 and Bloom et al. 2013 for examples on micro-firms and large
2For a related application of this experimental design to ESG impact signals in the labor market, see Colonnelli et al.
(2023).
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firms, respectively, and McKenzie et al. 2025 for a review). Related to our focus, in the context
of micro-entrepreneurs, Kaul et al. (2025) show that customer feedback seeking can improve
performance and generate spillovers to customers not directly solicited for feedback. Specific
to startups, Camuffo et al. (2020) and Lee et al. (2024) both find that entrepreneurship training
programs cause startups to more quickly abandon their ideas, and improve firm outcomes conditional
on persevering. We contribute to this literature by studying the impact of a training program
explicitly targeted toward high-growth social enterprises, and focusing on impact measurement,
demonstrating that this type of program can have meaningful consequences for firm growth and the
ability to raise capital.

Finally, we contribute to the experimental literature on investor social preferences. Existing
work asks whether investors value social impact and how they trade it off against financial returns.
For example, Humphrey et al. (2021) identify asymmetries between social benefits and harms,
Heeb et al. (2023) argue that investors respond to relative, but not absolute, levels of impact,
Bonnefon et al. (2025) and Green and Roth (2025) characterize the degree to which investors
have consequentialist social preferences, and Allcott et al. (2026a) show that investor responses
to sustainability disclosures depend in part on how intuitively the information is presented. We
study the information problem behind those preferences: when impact is communicated in different
ways, what type of evidence moves investor demand? Our results show that investors respond to
quantified impact metrics, but not to generic qualitative impact statements. Thus, the form of
impact measurement matters for the allocation of impact capital.

II. Experiment #1: The Impact of Impact Measurement

Our main experiment was conducted in partnership with Villgro—India’s largest incubator of
social enterprises. Representatives from Villgro, together with faculty from Harvard Business
School and the University of Chicago Booth School of Business, offered all 163 participating firms
the same impact measurement and management (IMM) course. The course was common to both
experimental arms, holding fixed exposure to IMM concepts, language, and certification. Random
assignment determined whether firms also received the remaining components of a practical IMM
implementation engagement: one-on-one support to select a framework, define indicators, and plan
stakeholder outreach; stakeholder surveys conducted by the research team; and synthesis of the
results in a personalized impact report. The treatment therefore isolates the incremental effect of
moving from IMM training to implementation, rather than the effect of classroom exposure alone.

A. Impact Measurement and Management Course

Startup participants were recruited through Villgro’s network. Active startups that had partici-
pated in previous Villgro programs, attended Villgro events, or otherwise indicated a desire to be
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notified of Villgro programming were directly contacted to participate in the course. Represen-
tatives from Villgro also circulated several announcements of the course through its social media
accounts. All startups with a social impact focus were invited to apply to the program.

In total, 163 eligible startups (out of 277 complete applications) participated in the program.3

The two primary selection criteria were that the startup conveyed plausible ambitions to achieve
significant scale and social or environmental impact, and that a founder or member of the executive
team had committed to attend the majority of the course sessions, should they be invited to enroll.

The course ran from April to June of 2023, in seven two-hour sessions taking place over Zoom,
every other week—see Appendix Figure A1 for a timeline of the intervention and data collection, and
Appendix Section C for a detailed course overview.4 The course covered three main components that
largely followed the content of the Harvard Business School elective course “Data for Impact.” First,
participants learned to outline their theory of change, the mapping from their core business activities
and outputs to societal or environmental impact, and to make explicit the assumptions required for
their business activities to have their intended impact. Second, participants were introduced to three
approaches to measuring social or environmental impact. The Global Impact Investing Network’s
(GIIN) Impact Reporting and Investment Standards (IRIS+) framework provides standardized,
sector-specific KPIs linked to existing empirical evidence. Acumen’s Lean Data approach uses short
customer surveys to capture how products affect users’ lives. Finally, an economic approach based
on customer, employee, and supplier surplus uses willingness-to-pay, compensation, reservation
values, and transaction data to quantify value created for different stakeholders. Together, these
approaches emphasize direct stakeholder data and quantitative evaluation as the gold standard for
impact measurement. Third, the course covered tactics for communicating social and environmental
impact to employees, donors, and investors.

B. Intervention

Beginning in April 2023, treatment firms received hands-on support to operationalize impact
measurement. The treatment was designed to approximate a practical IMM engagement, in which
classroom concepts are translated into firm-specific metrics, stakeholder surveys, data collection,
and reporting. Each treated firm was assigned a Villgro representative and typically met with
that representative four to five times. These meetings helped firms choose the IMM framework
most suited to their context and provided explicit guidance on how to implement it. Support was
personalized to each firm’s needs, but often included identifying relevant impact KPIs, crafting
survey questions and stakeholder recruitment scripts, planning data collection, and discussing
3In fact, 215 firms were selected to participate, but by the time the program began, 48 had dropped out (prior to
randomization). Four additional outlier firms (with 32 times as much revenue and more than 14 times as many
employees than our average firm) were dropped, as they did not match our target of young and small social enterprises.
4Representatives from Villgro engaged lightly with participating startups, both in treatment and control, starting from
October 2022. This primarily entailed pre-readings distributed over email and WhatsApp.
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how the resulting data could be synthesized for managerial and external use. The research team
then conducted surveys of treatment firms’ customers, employees, and suppliers and produced a
personalized impact report summarizing stakeholder surplus measures—see Appendix Figure A2
for an example. In this sense, the intervention was intended to mirror the bundled nature of
real-world IMM adoption.

Control firms received the same course but did not receive implementation support, stakeholder
surveys, or a personalized impact report until the end of the study. By July 2024, both treatment
and control firms were invited to participate in a final round of stakeholder data collection. At this
final stage, all participating firms received an analogous impact report.

C. Data and Descriptive Statistics

Our analysis draws primarily on two surveys of participating startups.
Baseline data come from the applications that startups submitted to participate in the training

program. These data were collected in September 2022 and contain information on firm character-
istics (e.g., incorporation year, sector, target customers), and firm financials (e.g., revenues, profits,
employees, and amount and type of capital raised to date).

Our endline survey was collected in July 2024. It elicited revenues and profits for the previous
three years, as well as the amount of debt, equity, and grant capital raised to date. Because many
early-stage firms in our sample are not yet profitable, 33 percent of firms report zero profits. We
therefore focus on whether the firm has reached profitability, rather than estimating treatment effects
on profit levels.

Table 1 presents descriptive statistics on our final sample of 163 firms who participated in
the program and submitted baseline data. About 26% of the firms in our sample are in the
“minimum viable product” stage, indicating that they have not yet generated revenue, about 32%
have launched a product in the market but have not raised significant capital, and about 42% are in
their “growth stage,” indicating they have raised significant outside financing. 26% of our sample
is in agri-business, about 22% is in health services, about 22% is in energy and clean tech, 7%
is in education, and about 14% focus on improving livelihoods and skill acquisition.5 Average
annual revenues at baseline were about USD 60,000, firms have on average 12.6 employees, and
they have raised on average USD 84,000 in outside capital. Across all of these variables, the only
statistically significant difference between treatment and control firms is that the treatment firms
5Examples of companies in agribusiness include those that produce, source, and process organic products from farmers,
those that provide consulting for farmers, connect farmers to markets, and deploy technical innovations to increase
yields. Companies in the health sector include those that provide telehealth consultations, mental and physical health
applications, and those that develop novel technologies like prosthetics and biometric monitors. Examples in the energy
and clean tech sector include companies that facilitate recycling and the disposal of e-waste, companies that manage
microgrids, and water management and purification. Examples of companies in the education sector include those that
are providing e-learning solutions for psychosocial skills, coding, and general education. Finally, companies in the
livelihood sector include those that manage HR platforms and marketplaces for vendors.
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are 11.8 percentage points more likely to be in energy and clean tech (p-value = 0.06), and an F-test
does not reject that the two samples are drawn from the same distribution (p-value = 0.85).

Supplemental Appendix Table B1 examines attrition in our endline survey. We find no evidence
of differential attrition. We failed to collect outcome data for 21 firms in each of treatment and
control (26.2% of treatment firms and 25.3% of control firms). We find no statistically significant
differences in the characteristics of attriting firms across treatment and control. An F-test does not
reject the fact that the two attriter samples are drawn from the same distribution (p-value = 0.39).

D. Results

To estimate the impact of our intervention, we employ a difference-in-differences design. Specif-
ically, we estimate:

𝑦𝑖𝑡 = 𝛼 + 𝛽1𝑇𝑟𝑒𝑎𝑡𝑖 + 𝛽2𝑃𝑜𝑠𝑡𝑡 + 𝛽3𝑃𝑜𝑠𝑡𝑡 ∗ 𝑇𝑟𝑒𝑎𝑡𝑖 + 𝜀𝑖𝑡 (II.1)

where 𝑦𝑖𝑡 is our outcome of interest for startup 𝑖 in period 𝑡, 𝑇𝑟𝑒𝑎𝑡𝑖 is an indicator for whether
startup 𝑖 is in our treatment group, and 𝑃𝑜𝑠𝑡𝑡 is an indicator for whether the outcome corresponds
to a period after our intervention began. In alternative specifications, we include firm fixed effects.
Standard errors are clustered at the firm level and, to account for our relatively small sample, we
report both p-values based on traditional standard errors as well as wild cluster bootstrap (Cameron
et al., 2008).6

For revenues and profitability, we observe multiple pre-intervention measures. The baseline
survey elicited the average value over 2021 and 2022, while the endline survey retrospectively
elicited 2021 and 2022 values separately. In the main specification, we include these three pre-
intervention measures and cluster standard errors at the firm level.7 The post-period measure is the
firm’s revenue or profitability in the fiscal year preceding the July 2024 endline survey (i.e., April
2023–April 2024). For capital raised and other outcomes, which were not elicited retrospectively
for the pre-period, the panel contains one baseline observation and one endline observation per
firm.

Table 2 reports treatment effects on revenues, profitability, and total capital raised. Even columns
contain firm fixed effects. The coefficient on 𝑃𝑜𝑠𝑡𝑡 shows that control firms grew substantially over
the study period. Annual revenue grew by about USD 24,000, firms were 16-19 percentage points
more likely to be profitable, and firms raised about USD 38,000 in additional outside capital. All
of these estimates are statistically significant at the 1% level, except for firm profitability in column
4, which is statistically significant at the 5% level.
6Due to the presence of outliers, for our main analysis we top-code all monetary outcome variables at the 95th percentile.
7Results are robust to restricting the pre-period for revenues and profitability to the baseline 2021–2022 average only,
excluding the retrospectively elicited 2021 and 2022 values. See Appendix Table B2.
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The main effects of interest are captured by the coefficient on 𝑃𝑜𝑠𝑡𝑡 ∗ 𝑇𝑟𝑒𝑎𝑡𝑖, which indicates
that growth in revenue and capital raised was about twice as large for firms in the treatment group.
For instance, column 2 indicates that treatment firms had an additional annual revenue growth of
USD 20,240 (wild bootstrap p-value = 0.03), and column 6 indicates that treatment firms raised
an additional USD 43,110 in outside capital (wild bootstrap p-value = 0.03). We do not find an
effect on whether a firm reaches profitability, consistent with the fact that many early-stage startups
prioritize revenue growth and capital raising over short-run profits. All estimates are highly stable
to the inclusion of firm fixed effects.

Figure 1 plots the distribution of changes in revenues and capital raised from baseline to end-
line, separately by treatment status. The treatment-control difference is visible across much of
the distribution, suggesting that the results are not driven solely by a small number of extreme
observations.

Supplemental Appendix Table B3 reports treatment effects on the type of capital raised: equity,
debt, and grants. Column 1 indicates that treatment firms raised an additional USD 18,580 in
equity capital (wild bootstrap p-value = 0.02), and column 3 indicates that they raised an additional
USD 10,110 in debt (wild bootstrap p-value = 0.03). While the point estimate on grant capital is
also positive in columns 5 and 6, it is not statistically significant. Once again, estimates are highly
stable to the inclusion of firm fixed effects.

E. Mechanisms

The treatment deliberately bundled the main components required to implement IMM in prac-
tice: translating course frameworks into firm-specific indicators, planning stakeholder outreach,
collecting stakeholder data, and synthesizing the results in a personalized report. The experiment
therefore estimates the effect of a practical IMM implementation package, not the effect of a single
mechanism. We argue that two channels are especially natural.

First, impact measurement can generate internal business intelligence. To measure impact
rigorously, firms must identify which stakeholders benefit from their products or services, what
dimensions of the product create value, how to reach those stakeholders, and how much value
different users receive. Because the treatment included guidance on indicators, survey design,
stakeholder outreach, and interpretation, it could generate managerial learning throughout the
implementation process (Gans et al., 2019). More broadly, rigorous impact measurement requires
firms to engage directly with customers and other stakeholders to understand which customers
derive the most value from the firm’s products and services. This type of information gathering is
closely aligned with customer discovery and market research commonly taught in business school
entrepreneurship and marketing courses. For social enterprises, this information is not only an
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impact metric; it is also information about demand, high-value customer segments, and the firm’s
value proposition. This channel can help rationalize the revenue effects.8

Second, impact measurement can generate externally credible information. A completed
stakeholder-data collection process, summarized in a quantified impact report, gives firms a more
precise way to communicate their social value proposition to investors and funders. This channel
can help rationalize the effects on capital raised, and the investor experiment in the next section
directly tests whether investors respond to quantified impact information.

These two channels may reinforce one another. Revenue growth can make firms more attractive
to investors, while additional capital can finance further growth.

Finally, certification effects are unlikely to explain the treatment effects. All study participants,
in both treatment and control, were offered the same course and certification. The experimental
contrast was designed to hold course exposure fixed and isolate the effect of moving from IMM
concepts to implementation through personalized support, stakeholder outreach, data collection,
and firm-specific reports.

III. Experiment #2: Investor Demand for Impact Measurement

Access to capital is both an important outcome for early-stage social enterprises and a potential
channel through which impact measurement affects firm growth. The first experiment shows that
treated firms raised more capital, but it cannot by itself determine whether this occurred because
impact measurement directly changed investor demand, improved firm operations, or both. We
therefore conduct a companion experiment that directly measures investor demand for quantified
impact information while holding fixed other firm attributes. Between April and August 2025, we
implemented an incentivized survey experiment with early-stage investors, eliciting their interest
in startup profiles that vary experimentally in whether and how they report social impact.

A. Survey, Sample, and Recruitment

We recruited 223 investors with experience investing in India-based startups. The sample
combines two recruitment channels. First, we recruited investors through personal and professional
networks at Harvard Business School, Villgro, and LinkedIn, yielding 65 completed responses
(“Direct Outreach”). Second, we partnered with Dynata, a commercial survey platform, to recruit
early-stage angel investors, yielding 158 completed responses. Participants span a broad range of
investment experience, stage focus, and sectoral focus. On average, respondents have made 13 direct
8A related possibility is that customer-surplus measurement gives firms information about willingness-to-pay and
pricing. We do not have reliable data on firm prices, but quantifying the strength of this channel is an important avenue
for future research, as price impacts would have ambiguous welfare implications. We therefore interpret the revenue
effects as private returns to impact measurement, not as direct evidence on welfare.
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investments in India-based startups, with a median investment size in the USD 100,000—250,000
range.

Our design is inspired by the non-deceptive incentivized resume rating framework of Kessler
et al. (2019) and its application to firm-investor matching of Colonnelli et al. (2024). The core
experimental task asks investors to evaluate a set of 15 synthetic company profiles. Each profile
contains randomized components, including general company information, key financial indicators
(such as revenues and profits), team characteristics, and measures of social impact. Although
we designed the company profiles to appear realistic, respondents are explicitly informed that the
investment opportunities are purely hypothetical, ensuring no deception.

Both direct outreach and Dynata respondents responded to our survey on the online platform
Qualtrics. The direct outreach survey was incentivized through a matchmaking opportunity. Re-
spondents were told that their evaluations would be used to facilitate introductions to real startups
from Villgro’s incubation programs that were actively seeking capital and whose characteristics
matched their revealed preferences.9 Dynata respondents instead completed an otherwise identical
but fully hypothetical version of the survey. There is no other incentive to participate in the survey.

The setting is well suited to studying demand for impact information. Many investors in the
sample report challenges in assessing impact investments: Figure 2 shows that respondents fre-
quently cite difficulty assessing and comparing impact and lack of standardized impact data or
measurement as major challenges. The experiment therefore studies a population for whom the
measurement problem is directly relevant.

B. Company Profiles and Experimental Variation

The company profiles were designed to resemble India-based social enterprises. To construct
them, we drew on firms participating in Villgro’s incubation programs and on the type of information
investors commonly observe on startup platforms such as Crunchbase and PitchBook. Each profile
contained standard investment information, including headquarters location, sector, business model,
team characteristics, revenues, profits, capital raised, number of customers, number of employees,
and number of investors. The full set of randomized profile components is reported in Appendix
Table B4.

The key experimental variation is the information shown in the Social Impact section. All profiles
report baseline customer demographics: average monthly customer income and the percentage
of customers earning less than $5 per day. Profiles then vary across four impact-information
conditions. Type I profiles report only these baseline customer demographics (seen by everyone).
Type II profiles add a qualitative impact statement, while Type III profiles report total customer
surplus, and Type IV profiles report total customer surplus, average customer surplus, and average
9Participation in this matchmaking process was optional, and respondents could complete the survey without opting
into introductions. Fourteen direct outreach respondents did not explicitly opt into the matchmaking process.
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customer surplus as a percentage of customer income. For Type III and Type IV profiles, a sidebar
indicates whether total customer surplus is above or below the median of the synthetic profile
sample. Appendix Figure A3 shows an example of the baseline company profile (Type I), and
Appendix Figure A4 shows examples of the various impact-information conditions across all four
types.

Qualitative impact statements were designed to mimic the narrative impact language commonly
used by social enterprises, and were placed in the same Social Impact section as the quantita-
tive metrics. We constructed them using impact descriptions provided by Villgro-incubated firms
and then used large language models to generate statements with similar tone, length, and con-
tent. Quantitative customer-surplus metrics were designed to mirror one of the economic impact
measures covered in the IMM course and implemented in the first experiment.

Investors rated each profile using a 7-point scale based on the question: “How interested would
you be in investing in this company?” The scale ranged from 1, “I am not at all interested in investing
in this company,” to 7, “I am very interested in this company; it stands out as a strong candidate for
investment.” At the respondent level, profile assignment was balanced across impact-information
conditions: each respondent evaluated six profiles with customer-surplus information (with an
equal probability for Type III vs Type IV), six profiles with only baseline customer demographics
(Type I), and three profiles with qualitative impact statements (Type II).

C. Results

We estimate investor preferences by regressing investment interest on the randomized impact-
information signals and other randomized profile attributes using the following specification:

𝑦𝑖 𝑗 = 𝛼𝑖 + 𝜙 𝑗 + 𝛽𝐶𝑆𝐿 · 𝐶𝑆𝐿, 𝑗 + 𝛽𝐶𝑆𝐻 · 𝐶𝑆𝐻, 𝑗 + 𝛽𝑆 · 𝑆 𝑗 +
𝐾∑︁
𝑘=1

𝜃𝑘 𝑋 𝑗 𝑘 + 𝜀𝑖 𝑗 , (III.1)

where 𝑦𝑖 𝑗 is the investment interest of respondent 𝑖 in profile 𝑗 , 𝛼𝑖 are respondent fixed effects,
and 𝜙 𝑗 are profile fixed effects. The main variables of interest are 𝐶𝑆𝐿, 𝑗 and 𝐶𝑆𝐻, 𝑗 , indicators
for whether customer-surplus information is displayed and total customer surplus is below or
above the median, respectively, and 𝑆 𝑗 , an indicator for whether the profile includes a qualitative
social impact sentence.10 The omitted impact-information condition is a profile that reports only
baseline customer demographics. The coefficients on the customer-surplus and qualitative statement
indicators therefore measure how investor interest changes when otherwise comparable profiles
disclose quantitative or qualitative impact information. The variable 𝑋 𝑗 𝑘 is an indicator equal
to one if characteristic 𝑘 takes a specific value or meets a specified threshold in profile 𝑗 (e.g.,
10Specifically, 𝐶𝑆𝐿, 𝑗 equals one if customer surplus information is displayed and total customer surplus is below
the median of the synthetic profile sample, and zero otherwise. Conversely, 𝐶𝑆𝐻, 𝑗 equals one if customer surplus
information is displayed and total customer surplus is above the median, and zero otherwise.
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“Profitable Firm”, “High Revenues”, “No Investors”), and zero otherwise. When profile fixed effects
are included, these profile-level characteristics are absorbed. The characteristics are detailed in
Table B5. The parameters 𝜃𝑘 capture the effects of these additional profile characteristics. We
report heteroskedasticity-consistent robust standard errors (Abadie et al., 2023).

Table 3 presents the main results. Investors respond strongly to quantified impact information.
In the richest specification, showing that a firm has above-median customer surplus increases
investment interest by 0.42 points on the 1–7 scale. Showing that a firm has below-median customer
surplus reduces investment interest by 0.39 points. Both effects are statistically significant at the 1%
level across all columns. This magnitude is economically large. For comparison, the premium for
being profitable is approximately 0.56 points, and the premium for high revenues is approximately
0.28 points in the specifications without profile fixed effects. Quantified impact information
therefore moves investor interest by an amount comparable to core financial characteristics.

By contrast, qualitative impact statements do not meaningfully shift investor interest. The
coefficient on a qualitative impact statement is small, positive, and statistically insignificant across
specifications. Investors therefore do not appear to reward generic impact language. Rather, they
use quantified impact metrics to distinguish between higher- and lower-impact firms.

We report two robustness checks in Appendix Tables B6 and B7. First, we estimate the main
specification separately for investors recruited through direct outreach and through Dynata, and
find that the impact-information coefficients are stable across recruitment channels. Second, we
re-estimate the main specification excluding the 14 private outreach respondents who did not opt
into the matchmaking incentive with Villgro-incubated firms, and find that the results are robust.

Appendix Table B8 reports analogous specifications using continuous measures of customer
surplus and customer income rather than median-based indicators. The results are consistent with
the main specification: investment interest increases with customer surplus, while customer income
does not drive the effect.

Overall, these patterns support the interpretation that investors respond to measured impact,
not merely to the demographic characteristics of the customer base. The experiment does not
distinguish whether investors value customer surplus directly as impact or as a signal of future
demand and growth; it establishes that quantified impact metrics are decision-relevant for investors.

IV. Conclusion

Impact investing and social entrepreneurship are built on the premise that firms can create both
financial and social returns. Yet that premise is difficult to operationalize without credible measures
of social value. This paper provides, to our knowledge, the first experimental evaluation of the
private returns to impact measurement. In a randomized controlled trial of an IMM implemen-
tation intervention, high-growth social enterprises in India received hands-on support to choose
an impact framework, define indicators, collect stakeholder-level data, and synthesize the results
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in personalized impact reports. Treated firms experienced substantially faster revenue growth and
raised substantially more capital than control firms.

The companion investor experiment directly shows that measurement also matters for capital
allocation. When early-stage investors evaluate otherwise comparable startup profiles, quantified
customer-surplus metrics substantially shift investment interest, while generic qualitative impact
statements do not.

The evidence also points to important next questions. The RCT estimates the effect of a practical
IMM implementation package, not a single isolated mechanism. Stakeholder-level data may
improve internal business intelligence, external credibility with investors, or both. Future work
should separate these channels, study the pricing and welfare implications of impact measurement,
and test which impact metrics are most relevant across sectors.

Taken together, however, the results support a central implication: rigorous measurement is an
important component of the infrastructure needed for impact capital to be allocated effectively.
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Figure 1. Difference Between Endline and Baseline Revenues and Capital
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Notes: The figure presents kernel densities of the difference between endline and baseline values of
revenues and capital for Experiment 1. Vertical dashed lines show group means. Values are top-
coded at the 95th percentile. Panel A includes 110 firms with non-missing baseline-endline revenue
differences; Panel B includes 120 firms with non-missing baseline-endline capital differences.
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Figure 2. Challenges in Impact Investing
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Notes: In Experiment 2, respondents were asked: “What are the main challenges you encounter
when considering impact investments? Please select all that apply.” The figure shows the share
of respondents citing each challenge. The sample pools investors recruited via direct outreach and
through Dynata (𝑁 = 223). Percentages are computed over the number of respondents who answered
at least one challenge item and may therefore sum to more than 100%.
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Table 1. Randomization Check

Control Treatment

Mean Mean Difference
(1) (2) (3)

Firm Characteristics

Firm Age (Years) 5.15 5.39 0.23
[4.20] [2.81] (0.58)

Firm Stage = Minimum Viable Product 0.27 0.26 -0.00
[0.44] [0.44] (0.07)

Firm Stage = Launched in Market 0.34 0.30 -0.04
[0.48] [0.46] (0.07)

Firm Stage = Growth Stage 0.40 0.44 0.04
[0.49] [0.50] (0.08)

B2C 0.46 0.41 -0.05
[0.50] [0.50] (0.08)

Sector = Agri-Business 0.27 0.26 -0.00
[0.44] [0.44] (0.07)

Sector = Health Services and Tech 0.25 0.20 -0.05
[0.44] [0.40] (0.07)

Sector = Energy and Clean-tech 0.16 0.28 0.12*
[0.37] [0.45] (0.06)

Sector = Education 0.06 0.09 0.03
[0.24] [0.28] (0.04)

Sector = Livelihoods and Skills 0.18 0.10 -0.08
[0.39] [0.30] (0.05)

Revenues FY ’21-’22 (in 000s USD) 59.55 61.12 1.56
[99.62] [94.74] (15.73)

Number of Employees 11.95 13.31 1.36
[16.04] [17.81] (2.75)

Capital Raised (in 000s USD) 84.72 83.95 -0.78
[150.29] [143.43] (23.77)

Number of Investors 3.05 2.13 -0.93
[9.54] [2.93] (1.18)

P-Value for Joint Difference F test: 0.85

Observations 83 80 163

Notes: This table presents baseline characteristics of firms by treatment assignment.
Columns 1 and 2 report means for the control and treatment groups, respectively;
column 3 reports the treatment-control difference. Standard deviations are in brackets;
standard errors are in parentheses. For conciseness, we omit the residual business
sector.
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Table 2. The Effect of Impact Measurement on Financial Outcomes

Revenues Profits > 0 Total Capital Raised

(1) (2) (3) (4) (5) (6)

Post * Treat 17.49* 20.24** -0.04 -0.01 44.87** 43.11**
(9.34) (9.24) (0.09) (0.09) (19.09) (19.07)
{0.060} {0.030} {0.635} {0.879} {0.022} {0.028}

Post 24.43*** 23.81*** 0.19*** 0.16** 37.89*** 39.64***
(6.11) (5.83) (0.07) (0.07) (10.41) (10.44)
{0.000} {0.000} {0.009} {0.019} {0.000} {0.000}

Control Pre Mean: 43.38 43.38 0.36 0.36 75.11 75.11
[81.14] [81.14] [0.48] [0.48] [142.50] [142.50]

N. Obs 443 443 421 421 241 241
N. Firms 120 120 121 121 121 121
Firm FE No Yes No Yes No Yes

Notes: This table presents the estimated treatment effects on revenues (in 000s USD), profitabil-
ity, and total capital raised (in 000s USD) in Experiment 1. The dependent variable in columns
3 and 4 is an indicator equal to one if profits are positive. Odd columns estimate regression
specification II.1; even columns include firm fixed effects. The treatment main effect is included
in the odd-column regressions but omitted from the table. For revenues and profitability, firms
can contribute up to four observations: the baseline 2021–2022 average, retrospective 2021 and
2022 values, and the endline value. Capital raised is observed at baseline and endline. Monetary
values are top-coded at the 95th percentile. Control pre-means are computed in the estimation
sample after top-coding. Standard errors clustered at the firm level are in parentheses; the stan-
dard deviation of the control pre-mean is in square brackets; wild bootstrap p-values are shown
in curly braces. * p≤ 0.10, ** p≤ 0.05, *** p≤ 0.01.
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Table 3. The Effect of Impact Measurement on Investor Interest

Investment Interest

(1) (2) (3) (4)
Qualitative impact statement displayed 0.093 0.097 0.096 0.107

(0.08) (0.07) (0.08) (0.07)

Customer surplus below median -0.372*** -0.401*** -0.356*** -0.393***
(0.09) (0.07) (0.09) (0.07)

Customer surplus above median 0.374*** 0.420*** 0.371*** 0.419***
(0.09) (0.07) (0.10) (0.08)

High number of customers 0.057 0.062
(0.07) (0.06)

Young firm -0.093 0.018
(0.06) (0.05)

Profitable firm 0.607*** 0.560***
(0.08) (0.06)

Large firm 0.003 -0.002
(0.07) (0.06)

High revenues 0.295*** 0.280***
(0.06) (0.05)

High capital raised -0.051 -0.062
(0.07) (0.06)

No investors -0.172** -0.143**
(0.07) (0.06)

Observations 3,345 3,345 3,345 3,345
Mean 4.45 4.45 4.45 4.45
Unique Investors 223 223 223 223
Respondent FEs No Yes No Yes
Profile FEs No No Yes Yes
R2 0.055 0.438 0.114 0.487
Adjusted R2 0.053 0.396 0.064 0.417

Notes: This table reports OLS estimates of the effect of social impact information on investor interest in Experiment 2.
Customer surplus above median equals one if customer-surplus information is displayed and the profile’s total customer
surplus is above the median of the synthetic sample, and zero otherwise. Customer surplus below median equals one
if customer-surplus information is displayed and the profile’s total customer surplus is below the median, and zero
otherwise. Qualitative impact statement equals one if the profile includes a qualitative non-quantified description of
social impact, and zero otherwise. Investment Interest is measured on a 1–7 scale. The sample comprises all 223
investor respondents (65 recruited via direct outreach and 158 via Dynata). Column (1) shows the baseline OLS.
Column (2) shows the regressions adding respondent fixed effects. Column (3) shows the regressions adding profile
fixed effects. Column (4) shows the regressions adding profile and respondent fixed effects. We report robust standard
errors. ***, **, and * indicate statistical significance at the 1%, 5%, and 10% levels (two-tailed), respectively.
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Supplemental Appendix for “Measuring the Impact of Impact
Measurement”
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A. Additional Figures

Figure A1. Study Timeline

Notes: The figure shows the timeline for Experiment 1. From October 2022, Villgro shared pre-
readings with all startups. Between April and June 2023, all 163 startups attended a seven-session
(two-hour, biweekly) impact measurement course via Zoom. Between April 2023 and October
2023, treatment firms also received 4–5 one-on-one implementation sessions focused on framework
selection, indicator design, stakeholder outreach, and survey implementation, and received their
impact reports. In July 2024, both treatment and control groups completed final data collection and
received impact reports.
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Figure A2. Example Impact Report
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Notes: This figure displays an example of the impact report from Experiment 1. The report summarizes firm-specific data collected from customers, employees,
and suppliers, and presents measures of customer, employee, and supplier surplus. It also explains how these surplus measures can be interpreted as indicators of
social impact. Names and identifying information have been redacted to preserve firm confidentiality.
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Figure A3. Example Company Profile (Baseline)

Ecosphere

About the Company

The company provides sustainable soil enhancers that restore soil fertility through organic means. Their prod-
ucts focus on improving the microbial ecosystem in the soil, promoting healthier crop growth with reduced
environmental impact. By offering affordable solutions to farmers, they help boost productivity, reduce water
usage, and enhance the resilience of crops against climate stresses, making their approach suitable for a wide
range of agricultural practices across India.

Company Information

Headquarters: New Delhi, Delhi
Primary Industry: Agri-Business
Sub Industry: Sustainable Agri-Inputs
Target Market: Farmers
Incorporation Year: 2015
Business Model: Non-profit Organization
Type of Buyer: Primarily Businesses

Key Financials

No. Investors: 1
No. Customers: 450
No. Employees: 80

Total capital raised: $ 38.7 K (| 32.2 L)
Revenues in 2024: $ 10.4 K (| 8.7 L)
Profits in 2024: $ 2.6 K (| 2.2 L)

Social Impact
Average monthly income per customer: $ 560 (| 46,656)
% of customers earning less than $5/day: 31-50 %

Team

Co-Founder: Master of Science in Engineering, IIT

1

Notes: This figure shows an example of a synthetic company profile used in the Experiment 2 (Type
I). Each profile contains general company information (headquarters, sector), team characteristics
(founder education), and key financials (revenues, profits, number of investors). The Social Impact
section displays baseline customer demographics: average monthly income per customer and the
percentage of customers earning less than $5 per day. This baseline profile (Type I) contains no
additional impact signal beyond these demographic measures. Alternative treatments add either a
qualitative impact statement (Type II) or quantitative customer surplus metrics (Types III–IV) to this
section (see Figure A4).
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Figure A4. Social Impact Signal Treatments

Retyre

About the Company

ReTyreTech focuses on turning scrap tyres into reusable rubber products, such as sports courts and tracks. Their
products are used in public sports facilities, providing a cost-effective and environmentally friendly solution. The
company’s tyres are processed into shock-absorbing surfaces that reduce injury risks in athletic environments
while providing a sustainable way to repurpose waste tyres.

Company Information

Headquarter: Hyderabad, Telangana
Primary Industry: Waste Management
Sub Industry: Waste Management & Repurposing
Target Market: Rural Consumers
Incorporation Year: 2010
Business Model: Non-profit Organization
Type of Buyer: Primarily Individuals

Key Financials

No. Investors: 0
No. Customers: 35
No. Employees: 101

Total capital raised: $ 15.2 K (| 12.7 L)
Revenues in 2024: $ 563.1 K (| 4.7 Cr)
Profits in 2024: $ -45.9 K (| -38.2 L)

Social Impact
Average monthly income per customer: $ 1.4 K (| 1.1 L)
% of customers earning less than $5/day: 11-20 %

Impact Overview: The company’s innovative solutions give old tyres new life, supporting waste reduction
efforts in cities. The company’s supply chain is built on ethical sourcing and sustainability, and they partner
with local communities to provide eco-friendly products that improve urban environments while donating a
portion of profits to environmental causes.

Team

Founder: Bachelor of Business Administration

1

Panel A: Basic Metrics (Type I)

Greenshield Hygiene

About the Company

The company specializes in biodegradable hospital-grade cleaning supplies, such as eco-friendly disinfectants
and biodegradable gloves. Their products are widely used in healthcare facilities and are made with natural
enzymes and plant-based materials sourced locally. The company also provides sanitation training programs in
underserved areas.

Company Information

Headquarter: Navi Mumbai, Maharashtra
Primary Industry: Health & Health Services
Sub Industry: Medical Equipment
Target Market: B2B
Incorporation Year: 2022
Business Model: For-profit Organization
Type of Buyer: Primarily Individuals

Social Impact
Average monthly income per customer: $ 494 (| 41,102)
% of customers earning less than $5/day: 11-20 %

Impact Overview: The company has significantly reduced environmental impact by supplying biodegradable
hospital-grade cleaning products, supporting healthcare facilities in adopting eco-friendly practices. This has
contributed to a noticeable reduction in waste and improved sustainability in healthcare environments.

Team

Founder: MBA, IIM

Key Financials

No. Investors: 0
No. Customers: 51
No. Employees: 1

Total capital raised: $ 64.7 K (| 53.9 L)
Revenues in 2024: $ 4.2 K (| 3.5 L)
Profits in 2024: $ 0 (| 0)

1

Panel B: Qualitative Statement (Type II)

Cropevolv

About the Company

The company specializes in manufacturing organic fertilizers and soil enhancement products that improve crop
health and promote sustainable farming. Their product range includes bio-based fertilizers, soil amendments,
and microbial solutions designed to boost nutrient absorption. Dedicated to eco-conscious agriculture, they help
farmers achieve higher yields while preserving soil integrity.

Company Information

Headquarter: Hyderabad, Telangana
Primary Industry: Agri-Business
Sub Industry: Sustainable Agri-Inputs
Target Market: Farmers
Incorporation Year: 2022
Business Model: For-profit Organization
Type of Buyer: Primarily Individuals

Key Financials

No. Investors: 4
No. Customers: 200
No. Employees: 10

Total capital raised: $ 439.5 K (| 3.7 Cr)
Revenues in 2024: $ 84.4 K (| 70.3 L)
Profits in 2024: $ 2.5 K (| 2.1 L)

Social Impact
Average monthly income per customer: $ 1.8 K (| 1.5 L)
% of customers earning less than $5/day: 0 %
Total customer surplus: $ 21.1 K (| 17.6 L) Median

Low Total
Surplus

High Total
Surplus

High Impact on Customers

Team

Founder & CEO: Bachelor of Science in Economics

1

Panel C: Total Customer Surplus (Type III)

Herbana

About the Company

The company produces a range of organic plant-based snacks, including granola bars and vegetable crisps.
Using simple, wholesome ingredients, they emphasize providing nutrient-dense and flavorful options for busy
individuals. All products are crafted with sustainability in mind, using environmentally friendly practices in
production and packaging. The company is committed to providing snacks that promote healthy eating habits
while supporting local, organic agriculture and reducing environmental footprints.

Company Information

Headquarter: Navi Mumbai, Maharashtra
Primary Industry: Agri-Business
Sub Industry: Organic Food Products
Target Market: Urban Consumers
Incorporation Year: 2019
Business Model: Social Impact Hybrid Model
Type of Buyer: Primarily Businesses

Key Financials

No. Investors: 4
No. Customers: 12
No. Employees: 10

Total capital raised: $ 47.1 K (| 39.2 L)
Revenues in 2024: $ 191.3 K (| 1.6 Cr)
Profits in 2024: $ 18.2 K (| 15.2 L)

Social Impact
Average monthly income per customer: $ 485 (| 40,395)
% of customers earning less than $5/day: 31-50 %
Average customer surplus: $ 92 (| 7,693)
Average customer surplus (% of income): 20.5 %
Total customer surplus: $ 776 (| 64,618)

Median

Low Total
Surplus

High Total
Surplus

Low Impact on Customers

Team

Founder: MBA

1

Panel D: Total and Average Customer Surplus (Type IV)

Notes: This figure displays the four Social Impact section variants used in Experiment 2. Panel A
shows the baseline customer demographics only, with no additional impact signal (Type I). Panel
B shows a qualitative statement describing the firm’s social impact (Type II). Panel C presents
total customer surplus only (Type III). Panel D presents total customer surplus, average customer
surplus, and average customer surplus as a percentage of income (Type IV). The color-coded sidebar
indicates whether the firm’s total customer surplus falls above (green) or below (red) the median of
the synthetic company sample. In the experimental design, non-impact profile sections were held
fixed within a profile; see Figure A3 for the baseline profile structure.
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B. Additional Tables

Table B1. Attrition Check

Control Treatment

Mean Mean Difference
(1) (2) (3)

Firm Characteristics

Firm Age (Years) 5.17 5.41 0.25
[2.85] [2.72] (0.94)

Firm Stage = Minimum Viable Product 0.29 0.38 0.10
[0.46] [0.50] (0.15)

Firm Stage = Launched in Market 0.24 0.33 0.10
[0.44] [0.48] (0.14)

Firm Stage = Growth Stage 0.48 0.29 -0.19
[0.51] [0.46] (0.15)

B2C 0.57 0.38 -0.19
[0.51] [0.50] (0.16)

Sector = Agri-Business 0.14 0.19 0.05
[0.36] [0.40] (0.12)

Sector = Health Services and Tech 0.33 0.24 -0.10
[0.48] [0.44] (0.14)

Sector = Energy and Clean-tech 0.19 0.29 0.10
[0.40] [0.46] (0.13)

Sector = Education 0.05 0.14 0.10
[0.22] [0.36] (0.09)

Sector = Livelihoods and Skills 0.19 0.14 -0.05
[0.40] [0.36] (0.12)

Revenues FY ’21-’22 (in 000s USD) 104.41 59.59 -44.82
[134.32] [117.45] (42.76)

Number of Employees 19.94 18.18 -1.77
[24.67] [30.63] (9.37)

Capital Raised (in 000s USD) 119.24 97.07 -22.17
[175.87] [203.53] (66.09)

Number of Investors 2.33 2.00 -0.33
[2.52] [4.06] (1.14)

P-Value for Joint Difference F test: 0.39

Observations 21 21 42

Notes: This table presents the baseline characteristics of firms that did not answer
the endline survey by treatment assignment. Columns 1 and 2 report means for the
control and treatment groups, respectively; column 3 reports the treatment-control
difference. Standard deviations are in brackets; standard errors are in parentheses.
For conciseness, we omit the residual business sector.
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Table B2. The Effect of Impact Measurement on Financial Outcomes: Restricting to
Baseline Average

Revenues Profits > 0 Total Capital Raised

(1) (2) (3) (4) (5) (6)

Post * Treat 18.86* 22.49** 0.00 -0.01 44.87** 43.11**
(11.18) (11.02) (0.12) (0.12) (19.09) (19.07)
{0.097} {0.046} {0.994} {0.950} {0.022} {0.028}

Post 21.71*** 18.78*** 0.04 0.07 37.89*** 39.64***
(6.65) (6.46) (0.08) (0.08) (10.41) (10.44)
{0.001} {0.002} {0.595} {0.419} {0.000} {0.000}

Control Pre Mean: 46.10 46.10 0.50 0.50 75.11 75.11
[83.40] [83.40] [0.50] [0.50] [142.50] [142.50]

N. Obs 229 229 213 213 241 241
N. Firms 119 119 119 119 121 121
Firm FE No Yes No Yes No Yes

Notes: This table replicates the analysis in Table 2 restricting the sample for revenues and
profitability to two observations per firm: the baseline 2021–2022 average and the endline value;
retrospective 2021 and 2022 observations are excluded. The dependent variable in columns
3 and 4 is an indicator equal to one if profits are positive. Odd columns estimate regression
specification II.1; even columns include firm fixed effects. The treatment main effect is included
in the odd-column regressions but omitted from the table. Capital raised is unchanged and
observed at baseline and endline. Monetary values are top-coded at the 95th percentile. Control
pre-means are computed in the estimation sample after top-coding. Standard errors clustered
at the firm level are in parentheses; the standard deviation of the control pre-mean is in square
brackets; wild bootstrap p-values are shown in curly braces. * p≤0.10, ** p≤0.05, *** p≤0.01.
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Table B3. The Effect of Impact Measurement on Type of Capital Raised

Equity Debt Grant

(1) (2) (3) (4) (5) (6)

Post * Treat 18.58** 18.03** 10.11** 9.86** 11.19 10.56
(8.06) (8.03) (4.76) (4.76) (8.26) (8.26)
{0.016} {0.021} {0.033} {0.038} {0.181} {0.210}

Post 5.99*** 6.55*** 5.55** 5.80** 15.47*** 16.09***
(2.10) (2.05) (2.35) (2.37) (4.64) (4.66)
{0.001} {0.000} {0.005} {0.002} {0.000} {0.000}

Control Pre Mean: 27.70 27.70 9.74 9.74 28.51 28.51
[76.39] [76.39] [26.64] [26.64] [61.16] [61.16]

N. Obs 241 241 241 241 241 241
N. Firms 121 121 121 121 121 121
Firm FE No Yes No Yes No Yes

Notes: This table presents estimated treatment effects on equity, debt, and grant capital raised
(measured in 000s of USD) in Experiment 1. Odd columns implement regression specification
II.1; even columns include firm fixed effects. The treatment main effect is included in the
odd-column regressions but omitted from the table. Monetary values are top-coded at the
95th percentile. Control pre-means are computed in the estimation sample after top-coding.
Standard errors clustered at the firm level are in parentheses; the standard deviation of the
control pre-mean is in square brackets; wild bootstrap p-values are shown in curly braces. *
p≤ 0.10, ** p≤ 0.05, *** p≤ 0.01.
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Table B4. Synthetic Company Profile Components

Variable
(Probability)

N Options (Unconditional Probability) Restrictions

Panel A: Company Information

Headquarters City (1.0) 10 Mumbai/Pune/Navi Mumbai (0.25); Bangalore/Bengaluru (0.15);
Chennai (0.10); Noida/Kanpur/Lucknow and other UP cities
(0.12); Hyderabad (0.12); New Delhi (0.06); Bhubaneswar (0.05);
Jaipur/Jodhpur (0.05); Gurugram/Gurgaon (0.05); Thiruvananthapu-
ram/Alappuzha/Calicut (0.05)

State is selected conditional on the chosen city.

Headquarters State (1.0) 10 Maharashtra; Karnataka; Tamil Nadu; Uttar Pradesh; Telangana; Delhi;
Odisha; Rajasthan; Haryana; Kerala

State is not drawn from raw probabilities. Instead, it is
assigned deterministically based on the city drawn: each
city maps to exactly one state.

Primary Industry (1.0) 7 Agri-Business (0.28); Health & Health Services (0.23); Energy & Clean-
tech (0.15); Education & Skill Development (0.15); Waste Management
(0.09); E-Commerce (0.05); Sheltertech (0.05)

—

Sub-Industry (1.0) 7 Farm Equipment/Organic Food Products/Sustainable Agri-Inputs; Ma-
ternal & Fetal Care/Eco-friendly Hygiene and Personal Care/Medical
Equipment; Renewable Energy/Solar Panel Technology/Electric Mobil-
ity; Digital Learning Platform/Employment & Professional Develop-
ment; Water Management/Waste Management & Repurposing; Sustain-
able Retail Products; Housing & Construction

Sub-industry is not drawn from raw probabilities. Instead,
it is assigned conditionally based on the Primary Industry
drawn.

Target Group (1.0) 5 Farmers/Urban Consumers (Agri-Business); Urban Consumers/Women
(Health); Urban Consumers (E-Commerce); Schools/B2B (Education);
B2B/Urban Consumers/Rural Consumers/MSEs (Generic, default)

Target group is not drawn from raw probabilities. The de-
fault is “Generic”; if Primary Industry is Agri-Business,
Health, E-Commerce, or Education, the target group is re-
placed by the industry-specific category. If Sub-Industry is
Medical Equipment, the target group is set to “B2B” regard-
less of industry.

Year of Incorporation (1.0) 3 2010–2016 (0.20); 2017–2019 (0.50); 2021–2024 (0.30) —

Business Model (1.0) 3 For-profit Organization (0.80); Non-profit Organization (0.10); Social
Impact Hybrid Model (0.10)

—

Continued on next page
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Table B4 (continued)

Variable (Probability) N Options (Probability) Restrictions

Type of Buyer (1.0) 4 Primarily Government (0.05); Primarily Businesses (0.46); Primarily
Individuals (0.35); Mixed Buyers (0.14)

—

Panel B: Key Financials

Number of Investors (1.0) 5 0 (0.30); 1 (0.25); 2–3 (0.25); 4–5 (0.11); 6–11 (0.09) If Year of Incorporation is 2024, capped at 5 investors. If
Total Capital Raised > 0, then Number of Investors > 0.

Number of Customers (1.0) 7 1–10 (0.18); 11–50 (0.18); 51–100 (0.12); 101–500 (0.20); 501–1,000
(0.03); 1,001–10,000 (0.15); 10,001–30,000 (0.15)

If Revenues < $60k, capped at 1,000 customers. If Year of
Incorporation is 2024, capped at 500 customers.

Number of Employees (1.0) 7 1 (0.07); 2–5 (0.30); 6–10 (0.20); 11–20 (0.23); 21–50 (0.10); 51–100
(0.05); 101–500 (0.05)

If Year of Incorporation is 2024, capped at 50 employees. If
Revenues < $10k, capped at 10 employees.

Total Capital Raised (1.0) 8 $0 (0.10); $0–10k (0.10); $10–30k (0.12); $30–60k (0.14); $60–120k
(0.10); $120–240k (0.20); $240–500k (0.12); $500k–1.5M (0.12)

Values displayed in both USD and INR. If Year of Incor-
poration is 2023 or 2024, capped at $120k. If Number of
Investors = 0, then Total Capital Raised = 0.

Revenues (1.0) 7 $1–10k (0.20); $10–30k (0.20); $30–60k (0.15); $60–120k (0.10);
$120–300k (0.20); $300–600k (0.10); $600k–1.5M (0.05)

Values displayed in both USD and INR. If Year of Incorpo-
ration is 2024, capped at $120k. If Total Capital Raised =

0, then Revenues ≤ $300k.

Profits (1.0) 8 Negative (0.18); $0 (0.05); $0–1k (0.03); $1–5k (0.10); $5–10k (0.22);
$10–20k (0.22); $20–60k (0.10); $60–120k (0.10)

Values displayed in both USD and INR. Distribution shown
applies when Revenues > $120k. For lower revenues, prof-
its follow a different distribution ensuring Revenues always
exceed Profits.

Panel C: Team

Team Size (1.0) 3 1 founder (0.40); 2 founders (0.40); 3 founders (0.20) —

Founder 1 Role (1.0) 3 Founder & CEO (0.33); Founder (0.33); Co-Founder (0.33) —

Founder 2 Role (1.0) 5 Co-Founder (0.50); CFO/CEO/COO/CTO (0.25); Co-Founder &
CTO/CFO (0.25)

Shown only if Team Size ≥ 2.

Continued on next page
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Table B4 (continued)

Variable (Probability) N Options (Probability) Restrictions

Founder 3 Role (1.0) 2 Co-Founder (0.80); Co-Founder & COO/CTO/CFO (0.20) Shown only if Team Size = 3.

Founder Education (1.0) 4 Undergraduate (0.35); Master’s degree (MSc/MTech/IIT) (0.35); MBA
(IMBA/IIM/INSEAD/Kellogg) (0.20); PhD (0.10)

All founders are assigned the same education tier.

Panel D: Social Impact

Average Customer Surplus (1.0) 9 $0 (0.17); $0–2 (0.12); $2–5 (0.15); $5–10 (0.11); $10–25 (0.17); $25–
50 (0.11); $50–150 (0.11); $150–250 (0.04); $250–500 (0.02)

Values displayed in both USD and INR.

Average Monthly Income (1.0) 6 $100–200 (0.06); $200–500 (0.13); $500–1k (0.14); $1–1.5k (0.45);
$1.5–2k (0.10); $2–4.5k (0.12)

—

Average Number of Transactions
(1.0)

5 0.1–1 (0.40); 1.1–2 (0.25); 2.1–3 (0.15); 3.2–5 (0.10); 6–15 (0.10) —

Customer Surplus as % of Income
(1.0)

4 0–5% (0.40); 5–10% (0.30); 10–20% (0.20); 20–30% (0.10) Set to zero if Average Customer Surplus = 0. Distribu-
tion shown applies when Average Customer Surplus > $25.
For lower values, 80% probability is assigned to the 0–5%
bucket, 10% to 5–10%, and 10% to 10–20%.

% Customers Earning<$5/day (1.0) 6 0% (0.37); 0–10% (0.05); 11–20% (0.10); 21–30% (0.10); 31–50%
(0.25); 51–80% (0.13)

If Average Monthly Income < $200, available options are
31–50% and 51–80% only. If Average Monthly Income >
$1k, excludes 31–50% and 51–80% options.

Notes: This table describes the components of synthetic company profiles used in the Experiment 2. Column 1 lists each variable with
its inclusion probability in parentheses. Column 2 reports the number of possible options for each variable. Column 3 lists the available
options with their respective sampling probabilities. Column 4 describes any restrictions or conditional dependencies between variables.
All monetary values are displayed in both USD and INR (Indian Rupees) in the profiles.
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Table B5. Variable Definitions for Regression Analysis

Variable Definition

Social Impact Variables
Customer surplus above median Indicator equal to 1 if total customer surplus is above the median (conditional on customer-surplus

information being displayed), 0 otherwise.
Customer surplus below median Indicator equal to 1 if total customer surplus is below the median (conditional on customer-surplus

information being displayed), 0 otherwise.
Surplus displayed Indicator equal to 1 if customer surplus information was displayed in the profile, 0 otherwise.
Qualitative impact statement displayed Indicator equal to 1 if a qualitative social impact statement was displayed in the profile, 0 otherwise.

Financial Performance
Profitable Firm Indicator equal to 1 if the company reported positive profits, 0 otherwise.
High revenues Indicator equal to 1 if annual revenues exceed $50,000, 0 otherwise.
High capital raised Indicator equal to 1 if total capital raised exceeds $55,000, 0 otherwise.

Company Characteristics
Young firm Indicator equal to 1 if the company was founded after 2020, 0 otherwise.
Large firm Indicator equal to 1 if the company has 10 or more employees, 0 otherwise.
High number of customers Indicator equal to 1 if the number of customers is above the median, 0 otherwise.
No investors Indicator equal to 1 if the company has not yet received external investment, 0 otherwise.

Notes: All variables listed here are binary indicators derived from randomized profile attributes for Experiment 2. Social impact variables (Customer surplus above median, Customer surplus
below median, and Qualitative impact statement displayed) correspond to the main regressors 𝐶𝑆𝐻, 𝑗 , 𝐶𝑆𝐿, 𝑗 , and 𝑆 𝑗 in Equation III.1. The remaining profile characteristics correspond to the
control vector 𝑋 𝑗𝑘 . Median thresholds are calculated within the sample of generated profiles. See Section III.B for details on profile construction and randomization.
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Table B6. The Effect of Impact Measurement on Investor Interest, by Recruitment
Channel

Direct Outreach Dynata

(1) (2) (3) (4) (5) (6) (7) (8)
Qualitative impact statement displayed 0.078 0.079 0.092 0.096 0.105 0.108 0.134 0.128*

(0.15) (0.14) (0.16) (0.15) (0.09) (0.07) (0.09) (0.07)

Customer surplus below median -0.266* -0.276** -0.152 -0.171 -0.414*** -0.445*** -0.424*** -0.453***
(0.14) (0.13) (0.18) (0.16) (0.10) (0.08) (0.10) (0.09)

Customer surplus above median 0.639*** 0.654*** 0.509*** 0.524*** 0.294*** 0.329*** 0.313*** 0.360***
(0.16) (0.14) (0.19) (0.18) (0.09) (0.08) (0.10) (0.09)

High number of customers -0.161 -0.102 0.150** 0.125**
(0.12) (0.11) (0.07) (0.06)

Young firm 0.096 0.097 -0.077 -0.006
(0.11) (0.10) (0.07) (0.06)

Profitable firm 0.389*** 0.324** 0.686*** 0.659***
(0.13) (0.13) (0.09) (0.08)

Large firm 0.147 0.076 -0.071 -0.041
(0.13) (0.12) (0.08) (0.07)

High revenues 0.493*** 0.467*** 0.201*** 0.208***
(0.12) (0.11) (0.07) (0.06)

High capital raised -0.009 -0.009 -0.058 -0.088
(0.12) (0.11) (0.07) (0.06)

No investors -0.179 -0.098 -0.197** -0.161**
(0.12) (0.11) (0.08) (0.07)

Observations 975 975 971 971 2,370 2,370 2,370 2,370
Mean 3.44 3.44 3.45 3.45 4.87 4.87 4.87 4.87
Unique Investors 65 65 65 65 158 158 158 158
Respondent FEs No Yes No Yes No Yes No Yes
Profile FEs No No Yes Yes No No Yes Yes
R2 0.063 0.304 0.225 0.439 0.068 0.387 0.163 0.460
Adjusted R2 0.054 0.247 0.056 0.256 0.064 0.340 0.095 0.371

Notes: This table reports OLS estimates of the effect of social impact information on investor interest, separately by
recruitment channel for Experiment 2. Customer surplus above median equals one if customer-surplus information
is displayed and the profile’s total customer surplus is above the median of the synthetic sample, and zero otherwise.
Customer surplus below median equals one if customer-surplus information is displayed and the profile’s total customer
surplus is below the median, and zero otherwise. Qualitative impact statement equals one if the profile includes a
qualitative non-quantified description of social impact, and zero otherwise. Investment Interest is measured on a 1–7
scale. Columns (1)–(4) restrict to the 65 respondents recruited via direct outreach (Direct Outreach); columns (5)–(8)
restrict to the 158 respondents recruited via Dynata. Within each subsample, column specifications follow the same
order as Table 3: baseline OLS, respondent fixed effects, profile fixed effects, and respondent and profile fixed effects.
We report robust standard errors. ***, **, and * indicate statistical significance at the 1%, 5%, and 10% levels
(two-tailed), respectively.
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Table B7. The Effect of Impact Measurement on Investor Interest: Matchmaking
Sample

Investment Interest

(1) (2) (3) (4)
Qualitative impact statement displayed 0.093 0.097 0.090 0.094

(0.09) (0.07) (0.09) (0.07)

Customer surplus below median -0.374*** -0.402*** -0.357*** -0.405***
(0.09) (0.07) (0.10) (0.08)

Customer surplus above median 0.345*** 0.389*** 0.355*** 0.405***
(0.09) (0.07) (0.10) (0.08)

High number of customers 0.092 0.060
(0.07) (0.06)

Young firm -0.111* -0.002
(0.07) (0.05)

Profitable firm 0.633*** 0.583***
(0.08) (0.07)

Large firm -0.015 -0.000
(0.07) (0.06)

High revenues 0.261*** 0.267***
(0.07) (0.06)

High capital raised -0.054 -0.074
(0.07) (0.06)

No investors -0.157** -0.125**
(0.07) (0.06)

Observations 3,135 3,135 3,135 3,135
Mean 4.52 4.52 4.52 4.52
Unique Investors 209 209 209 209
Respondent FEs No Yes No Yes
Profile FEs No No Yes Yes
R2 0.056 0.426 0.121 0.479
Adjusted R2 0.053 0.383 0.068 0.406

Notes: This table replicates the main specification of Table 3, restricting to 209 respondents: the 158 Dynata respondents
and the 51 private outreach respondents who consented to participate in the matchmaking process in Experiment 2.
The 14 private outreach respondents who did not consent are excluded. Customer surplus above median equals one if
customer-surplus information is displayed and the profile’s total customer surplus is above the median of the synthetic
sample, and zero otherwise. Customer surplus below median equals one if customer-surplus information is displayed
and the profile’s total customer surplus is below the median, and zero otherwise. Qualitative impact statement equals
one if the profile includes a qualitative non-quantified description of social impact, and zero otherwise. Investment
Interest is measured on a 1–7 scale. Column (1) shows the baseline OLS. Column (2) shows the regressions adding
respondent fixed effects. Column (3) shows the regressions adding profile fixed effects. Column (4) shows the
regressions adding profile and respondent fixed effects. We report robust standard errors. ***, **, and * indicate
statistical significance at the 1%, 5%, and 10% levels (two-tailed), respectively.



MEASURING THE IMPACT OF IMPACT MEASUREMENT 36

Table B8. The Effect of Impact Measurement on Investor Interest: Continuous
Surplus Measures

Investment Interest

(1) (2) (3) (4)
Log total customer surplus 0.108*** 0.116***

(0.01) (0.01)

Log average customer surplus 0.176*** 0.210***
(0.05) (0.04)

Log customer income 0.070 0.097
(0.11) (0.10)

High number of customers -0.011 -0.002 0.321** 0.409***
(0.11) (0.10) (0.15) (0.13)

Young firm -0.108 -0.007 -0.059 0.173
(0.10) (0.09) (0.15) (0.14)

Profitable firm 0.434*** 0.424*** 0.181 0.158
(0.13) (0.11) (0.18) (0.17)

Large firm -0.002 -0.013 -0.261 -0.139
(0.11) (0.10) (0.17) (0.15)

High revenues 0.278*** 0.182** 0.352** 0.408***
(0.10) (0.09) (0.15) (0.14)

High capital raised -0.059 -0.070 -0.237 -0.057
(0.11) (0.10) (0.16) (0.14)

No investors -0.170 -0.083 -0.104 0.026
(0.12) (0.10) (0.16) (0.15)

Observations 1,338 1,338 696 696
Mean 4.43 4.43 4.36 4.36
Unique Investors 223 223 116 116
Respondent FEs No Yes No Yes
Profile FEs No No No No
R2 0.072 0.498 0.050 0.476
Adjusted R2 0.066 0.394 0.038 0.362

Notes: This table reports the coefficients of OLS regressions estimating the effect of firm variables on investment
interest for Experiment 2. The variable Log total customer surplus represents the total customer surplus in USD
(logged), while Log average customer surplus and Log customer income denote the logged values of average customer
surplus and customer income, respectively. Investment Interest is measured on a scale of 1–7. We report robust
standard errors. ***, **, and * indicate statistical significance at the 1%, 5%, and 10% levels (two-tailed), respectively.
Columns 1 and 2 use profiles in which total customer surplus is displayed. Columns 3 and 4 restrict to respondents
assigned to the Type IV display, which includes average customer surplus and customer income (see Figure A4).
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C. Details of the Impact Measurement and Management Course

Course Scope and Experimental Role

This appendix describes the common Impact Measurement and Management (IMM) course
offered to all 163 participating social enterprises in the Villgro IMMpact program. The course
was delivered by Villgro representatives together with faculty from Harvard Business School and
the University of Chicago Booth School of Business. It was common to treatment and control
firms and was designed to hold fixed exposure to IMM concepts, language, and certification.
The randomized intervention studied in the paper was not course attendance. Rather, random
assignment determined whether firms also received the implementation layer: one-on-one support
to choose a framework, define indicators, plan stakeholder outreach, collect stakeholder-level data,
and synthesize the results in a personalized impact report.

The course ran from April to June 2023 in seven two-hour sessions held over Zoom approximately
every other week. A founder or member of the executive team was expected to attend the majority
of sessions. Course materials were supplemented with pre-readings, worksheets, recordings, and
templates distributed over email and WhatsApp. The participants were early- and growth-stage
Indian social enterprises operating across sectors such as agribusiness, health, energy and clean
technology, education, livelihoods, and skills. The design therefore emphasized practical tools that
could be used by firms with limited measurement capacity and heterogeneous business models.

Learning Objectives and Pedagogy

The course objective was to move firms from general impact language to a practical plan for
measuring and managing impact. Participants were asked to articulate the impact they sought to
create, identify the stakeholders affected by their business, select metrics that were relevant to those
stakeholders, and understand how stakeholder data could be collected and communicated. The
course framed IMM as both an accountability practice and a managerial practice: firms could use
impact data to demonstrate value to investors, donors, employees, and customers, but also to learn
about demand, customer segments, product value, and operational risks.

Sessions combined conceptual instruction, short examples, and applied exercises. Several exer-
cises were drawn from the same sequence used in the Harvard Business School elective course Data
for Impact and from practitioner resources used in social enterprise IMM. The pedagogy empha-
sized direct stakeholder data and quantitative evaluation, while recognizing that young firms often
face tight resource constraints. The course therefore presented a menu of measurement approaches
rather than a single mandatory template.
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Core Content

The first block introduced the meaning and business value of impact measurement. Participants
distinguished impact measurement—identifying and quantifying the positive and negative effects
of a business on people or the planet—from impact management, which uses those data to increase
positive effects and mitigate negative ones. The sessions explained why entrepreneurs, investors,
and other stakeholders may value impact data. Examples highlighted how measurement can
support trust and reputation, investment readiness, revenue growth, operational efficiency, and
strategic alignment.

The second block focused on theory of change. Firms were asked to map the path from
business activities to outputs, outcomes, and longer-run social or environmental impact. The
course emphasized that a theory of change should make assumptions explicit: for example, a
product delivered to a target population does not automatically imply that the product is used, that
it changes behavior, or that it improves welfare. Participants worked through the logic of inputs,
activities, outputs, outcomes, and impact, and were encouraged to view the theory of change as a
living document that could be updated as evidence accumulated.

The third block introduced impact key performance indicators and standardized metric frame-
works. Participants learned that most firms already track operational KPIs, and that impact KPIs
extend this logic to outcomes for customers, employees, suppliers, communities, or the environ-
ment. The course introduced the Global Impact Investing Network’s IRIS+ framework and the five
dimensions of impact—what, who, how much, contribution, and risk—as a way to choose compa-
rable, sector-specific metrics linked to impact objectives. The course also emphasized right-sizing:
startups were encouraged to select a small number of metrics closely tied to their business model,
stakeholder needs, and decision-making uses. For environmentally oriented firms, examples in-
cluded life-cycle assessment concepts and metrics such as carbon emissions, water use, waste, and
resource use.

The fourth block covered direct stakeholder measurement, including Lean Data-style short sur-
veys. Participants discussed how to ask customers, employees, suppliers, and other stakeholders
about their experiences with a product or service; how to keep surveys short enough to reduce
respondent burden; how to write questions that could be understood in local languages; and how
to plan stakeholder outreach while respecting confidentiality and consent. This block connected
measurement design to practical implementation choices, including sampling, contact lists, survey
scripts, data quality, and the tradeoff between depth and feasibility.

The fifth block introduced an economic approach to stakeholder surplus. The course explained
two limitations of many impact KPIs. First, changes in stakeholder outcomes need not be caused
by the enterprise, because the same customers might have experienced similar changes for other
reasons. Second, multiple outcomes are hard to compare without a common unit. The surplus
approach addresses these issues by asking what value stakeholders receive relative to their next-best
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alternative. For customers, the course defined customer surplus as willingness-to-pay net of price.
For employees, it introduced employee surplus as compensation net of reservation compensation,
allowing for the non-wage value of work. For suppliers, the analogous measure compares payments
from the enterprise to the supplier’s next-best alternative. Participants learned how transaction data
and stakeholder survey responses could be combined to produce firm-level estimates of value
created for different stakeholder groups.

The final block addressed communication and reporting. Participants discussed how quantified
metrics, narrative descriptions, and methodological transparency can be combined in reports, in-
vestor materials, and internal dashboards. The course encouraged firms to report not only headline
numbers, but also definitions, the stakeholder population measured, data collection methods, lim-
itations, and how the firm intended to use the findings. The communication module stressed that
generic impact language is less informative than clearly defined metrics tied to a theory of change
and supported by stakeholder data.

Course Outputs

By the end of the course, firms were expected to have a shared IMM vocabulary, a draft theory
of change or impact hypothesis, a preliminary set of candidate metrics, and an understanding of
how stakeholder surveys and impact reports could be designed. The common course did not,
by itself, provide firm-specific impact reports or research-team-administered stakeholder surveys
during the study period. Those activities were part of the randomized implementation package.
Treatment firms later received individualized support to translate the course concepts into firm-
specific indicators, stakeholder outreach plans, data collection, and personalized reports. Control
firms received the same course exposure and certification, but did not receive the implementation
support, stakeholder surveys, or report until the end of the study. This boundary is central to the
experimental design: the treatment contrast isolates the effect of moving from IMM training to
practical implementation, rather than the effect of classroom exposure alone.
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